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numpy np
pandas pd

sklearn preprocessing
keras.models Sequential
keras.layers Dense, Dropout

model = Sequential()

add(Dense(units=80, input dim=9,
kernel_initializer="uniform'))
add(Activation('relu’))

add(Dense(units=60,
kernel 1initializer="uniform’,

add(Activation('relu’))

model .add(Dense(units=1,
kernel _initializer="uniform’,
model.add(Activation('sigmoid’))




Keras-#Z1EZDNN Model

Dense:Fully Connected Network -
Units: 52— 2 25 & 24 ENeuron -
Input_dim: B ANEE HZ /D -

Kernel_initializer:WeightZ #4811t B 75 )% (Zeros, Ones, Constant,
RandomNormal, RandomUniform...Z5%)

Activation: Z1E 1 B 2UE K 21 (softmax, softplus, softsign, relu, tanh,
hard_sigmoid, linear...55%)
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Laver (type] Output Shape FParam #

denze (Denze) (None, &0
Loss: 2215 FHIff*&Loss Function - _1 i IEMH
Optimizer: Z1F A& B bas Jense_3 (Denge) (Wone, 30)
Metrics=accuracy:&F{& 73 =L FHaccuracy - denze_d (Dense) (Wone,
Model.summary: S U EEHEEIFHE - otal parans: 7,020

Won-trainable paramz: O

rain on 930 zanplez, walidate on 104 zamnples

model.compile(loss="binary crossentropy’,

optimizer="adam', metrics=["accuracy'])

model . summary ()



x#straining data -
Y A&training data¥i fEdlabel
epochs & all BRAEHRREY -

validation_split = 0.13&X~#{training data® t/]+110% = {Evalidation set(Eg:E£E) -
o] PIFEE I R E B ZE & Overfitting

batch_size B REZ/DEERFIIAR
Verbose = 18] D #E;~Model 2R 3|4 AYLoss & EfER -

model.fit(x = train_Features, y = train_label,
epochs=100, validation split=0.1,

batch size=10,verbose=1)
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x4 Testing Data °
yZ3Testing DatafdLabel -
scores[0] 7 & ELossZ /) -

scores[1]RERKZ /D -
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scores model. (x=test_Features, test label,)
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Activation Function

» Sigmoid: /TR [0,1] Z[@E - EAmmsi(E - KEoAZ 0 g 1 &
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Activation Function

» Softmax:1B7T/R [0,1] ZE - BHERGMEFR 1 - B2 08 -
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Activation Function

» Relu (Rectified Linear Units) : &
> NI

f(x) = max(x, 0)




Activation Function

» tanh : Edsigmoid$8{ - [BETR[-1,1]ZE - BIEEE&E -
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Optimizers-BGD,SGD

» Stochastic gradient descent:
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Optimizers-Mini-Batch gradient descent

» Mini-Batch gradient descent:
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Loss Function-Mean Squared Error

» 7R 7Z=(Mean squared error) : FhEe/ )\ F57A(Least Square) B B 1REREI-FR
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Loss Function-Cross Entropy

Cross Entropy (categorical crossentropy) : &R RIEEERERMEL - BREREH
MAV  RZEBERK  MEBELEIERKERIE - Cross Entropy EXf, MSE
HE - EE N - Cross Entropy sTEEREE R -
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Homework

EEERRKEERILE
> 1000%ﬁﬁ§i§%4*1’ﬁtrammg data - 309 = fFtesting data ©

> FASER - Pclass: A8 - Survived: @& ETF - Name: ¥ - Sex: MRl - Age: iR
EJZEE%T:’E%]’LJ:E’\J%QE Parch: 3Rl F X At EEIE - Ticket:BBESEE - Fare: ik E
FEMISEAS  Embarked: & f5/& [ ~ Home.dest: {E3it

id pelass survived name SEeX age sibsp parch ticket fare cabin embarked hoat hody home.dest
0 1 1 Allen, Miss. Elisabeth Walton female 20 0 024160 2113373 B3 ) 2 5t Louis, MO
1 1 1 Allizon, Master. Hudson Trevor male 09167 1 2113781 1515500 C22 C26 s "1 Montreal, PQ / Chesterville, OIN
2 1 1 Anderson, Mr. Hamry male 48 1] 0199352 263300 E12 5 £ New York, NY
3 1 1 Andrews Miss. Komelia Theodoszia female 63 1 013302 779583 D7 8 "o Hudson, NY
4 1 1 Appleton, Mrs. Edward Dale (Charlott: female 33 2 011769 314792 C11 5 D Bayside, Queens, NY
3 1 1 Astor, Mrs. John Jacob (Madeleine Ta female 18 1 0|PC 17737 2275250 C62 Cod C 1 New York, NY
] [ 1 1 Aubart, Mme. Leontine Pauline female 24 1] 0 PC 17477 693000 B35 C (] Parns, France

7 1 1 Barber, Miss. Ellen "Nellie" female 26 0 019377 78.8500 5 (3
8 1 1 Batkeworth, Mr. Algemon Henry Wilso male 80 0 0 27042 30.0000 A3 8 B Hessle, Yorks
g 1 1 Baxter, Mrs. James (Helene Delaudeni female 0 0 1/PC 17338 2475208 B38 BoD C (3 Montreal, PQ

10 1 1 Bazzani, Miss. Albina female 32 1] 011813 762917 D13 C (3

11 1 1 Beckwith, Mr. Richard [ eonard male 37 1 111751 32,5542 D33 5 5 New York, NY

12 1 1 Beclowith, Mrs. Richard Leonard (Sallie female 47 1 111751 32,5542 D33 5 5 New York, NY

13 1 1 Behr, Mr. Karl Howell male 26 1] 0111369 30,0000 C148 C 5 New York, NY

14 1 1 Bidois, Miss. Rosalie female 42 0 0PC 17737 2275250 C 1

13 1 1 Bird, Miss. Ellen female 29 0 0/PC 17483 221770 7 5 (]

16 1 1 Bishop, Mr. Dickinson H male 23 1 0119467 910792 B4% C 7 Dowagiac, MI

17 1 1 Bishop, Mrs. Dickinson H (Helen Walt famale 19 1 0119467 910702 B4% C :]' Dowagiac, MI




B4t Aimport pandas as pd
Pd.read_excel(#51¥)z&Xtraining data
#ZHEFeaturet® I - SEFIEN 1

['survived', 'pclass’, 'sex’, 'age’, 'sibsp’, ‘parch’, 'fare’,
‘embarked’]

B BIEIE:

AgeFFaretf@IALANullE - FrLAFELF91EE ANullpy

g e
Male X FemaleE 2 5 O 1K FRIR -
EmbarkedE &HEAE=EE/MEL - FLZHOne-Hot

EncodingZR X~ i 2 = &8 A[0,0,1],[0,1,0],[1,0,0]

"IN °
LabelFhZSurvived - F FaEl A B 2 ZE AIFeatures
& FeaturesffiNormalized:0-1 7 [&]

all df = pd.read_excel(path_training)

all df all df[cols]

def PreprocessData(raw df):

df = raw_df.drop(['name’], axis=1)

age mean = df['age'].mean()

df['age'] = df['age'].fillna(age_mean)
fare_mean = df['fare’'].mean()

df['fare'] = df['fare'].fillna(fare_mean)

df['sex'] = df['sex'].map({ 'female':0, 'male’':1}).astype(int)

X_OneHot_df = pd.get_dummies(data=df, columns ["embarked"]ﬂ

ndarray = x_OneHot df.values

label = ndarray([:,@]
Features = ndarray[:,1:]

minmax_scale = preprocessing.MinMaxScaler(feature range=(9, 1))
scaledFeatures = minmax_scale.fit transform(Features)

scaledFeatures, label
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HomeworkzEs 7 =

4/10 24:0087 _1EKaggle - Kaggle B THEERESE_ 5 (M123456_F KHAE)
MoodleFE EEZETUHE
BEELERES(ERZERBE - NeronBIR2H 2 /0E) - 57
2 KaggleFm E ML FEE 8L - 151070
> 90%LL L - 1073
» 80%LLE -97
» 70%LLLE - 8%
» Baseline(67.637%)LA L - 79
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» Kaggle:
https://www.kaggle.com/t/20b713d4c7c046a2ab36613142decc49



https://www.kaggle.com/t/20b713d4c7c046a2ab36613142decc49

Keras & Pandas& 75 X 1&g

Keras® 77 3 1&:https:/ /keras.io/

Pandas® 3 3 1&: http://pandas.pydata.org/pandas-docs/stable/
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